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Abstract: When wireless sensor networks (WSN) are deployed in the vegetable
greenhouse with dynamic connectivity and interference environment, it is necessary to increase the node transmit power to ensure the communication quality,
which leads to serious network interference. To offset the negative impact, the
transmit power of other nodes must also be increased. The result is that the network becomes worse and worse, and node energy is wasted a lot. Taking into
account the irregular connection range in the cucumber greenhouse WSN, we
measured the transmission characteristics of wireless signals under the 2.4 Ghz
operating frequency. For improving network layout in the greenhouse, a semiempirical prediction model of signal loss is then studied based on the measured
data. Compared with other models, the average relative error of this semi-empirical
signal loss model is only 2.3%. Finally, by combining the improved network
topology algorithm and tabu search, this paper studies a greenhouse WSN layout
that can reduce path loss, save energy, and ensure communication quality. Given
the limitation of node-degree constraint in traditional network layout algorithms,
the improved algorithm applies the forwarding constraint to balance network energy
consumption and constructs asymmetric network communication links. Experimental
results show that this research can realize the energy consumption optimization of
WSN layout in the greenhouse.
Keywords: Path loss model; vegetable greenhouse; network topology; network layout

1 Introduction
The Internet of Things (IoT), as a network that connects things to things and things to people, is
considered the main driving force for 5G development. Wireless sensor networks (WSN) play an
important role in the basis of the IoT. Sensors in various terminal devices perform real-time monitoring
and collect a large amount of information. After data collection, the networks will analyze the data and
serve the upper software. It can be seen that in-depth research on WSN helps to improve IoT
performance in an all-round way. Greenhouse WSN can control production factors in time and space and
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improve crop yield and quality [1]. Precision operation depends on the data acquisition that includes crops,
climate, soil, fertilizer, water, and so on [2,3]. Many researchers have applied WSN to support vegetable
disease identiﬁcation, real-time control, decision-making, etc. [4–7]. In agriculture, sensors must transmit
a large amount of data and usually require a long monitoring period. Due to the limited energy, frequent
replacement or redeployment of nodes will not only bring about high cost, but also lose the monitoring
data, and result in a failure to make control decisions timely. Besides, the communication ability can be
affected by many factors (vegetable plants, etc.), which complicates network connectivity [8].
By planning the sensor location and communication path, a connected network with small path loss can be
built [9], which is beneﬁcial to reduce network energy consumption and prolong network lifetime. Cama-Pinto
et al. [10] have studied the signal characteristics in a tomato greenhouse. They proposed that when the line-ofsight communication link between nodes is blocked by dense vegetation, the WSN performance could be affected
due to extra signal loss. However, they did not further explain how to applied their research to optimize the
greenhouse WSN. In other researches, it is generally considered that the signal is transmitted in an ideal
space, ignoring the signal attenuation complexity in the actual environment. The greenhouse is closed and
mostly made of steel tubes. Signal transmission in the greenhouses is quite different from that in an ideal
space. Therefore, research on signal transmission can optimize the greenhouse WSN layout, thereby
improving communication quality, extending network lifetime, and maintaining long-term data monitoring.
Protected vegetable and greenhouse materials could cause excessive signal scattering and refraction. The
corresponding signal loss will affect the connectivity and energy consumption between sensors. This paper
ﬁrst describes the inﬂuence of signal transmission distance and vegetation depth on signal strength. On this
basis, the irregular node connectivity range is explored. Combined with the tabu search algorithm and
improved network topology algorithm, we simulate the greenhouse WSN layout with low path loss.
Simulation results prove that this method can provide a reference for the construction and application of
greenhouse WSN with low energy consumption and reliable connectivity.
2 Related Works
Signal transmission characteristics are the foundation of building a reliable and efﬁcient WSN. Free
space loss model (FPSL) and two-ray model are usually used to predict signal loss. The FSPL model is
adopted in ideal propagation conditions, and the two-ray model simpliﬁes the transmit signal to a direct
wave and a ground reﬂected wave. Signal transmission is affected by factors such as multipath effects,
node locations, and space obstacles. The path loss for the same distance may also be different. Rappaport
proposed a log-distance model. Based on the measured empirical data, the signal loss models of mango
greenhouse, tomato greenhouse and jungle vegetation environment were obtained in Cama-Pinto et al.
[10–12]. These log-distance models did not take into account the speciﬁc vegetation environment and
prediction accuracy is limited. Therefore, empirical [13,14] and theoretical [15] models for the vegetation
environment have been established. The empirical model depends on the speciﬁc environment, whose
expression is simple and can be applied directly. The theoretical signal loss models are based on the
wireless signal transmission theory, which has complex mathematical expressions. These expressions
need to input many model parameters, including plant geometry, signal multi-path, and so on, and it is
almost impossible to determine all the inﬂuenced factors and relevant environmental parameters.
Secondly, when the signal loss is greater than a given threshold, the packet loss will increase sharply, which
disturbs network reliability and reduce the transmission quality. The above studies did not discuss how to
optimize greenhouse WSN layout under the corresponding signal loss model. WSN layout is usually
divided into the physical layout and logical layout. The physical layout mainly refers to the physical
location of sensor nodes. Optimizing the physical layout can increase the monitoring area. The logical
layout refers to the network communication topology, which aims to reduce network energy consumption.
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The physical layout strategies include deterministic optimization and stochastic optimization. Many
studies divide the monitoring area into triangles [16], hexagons [17] and parallelograms according to
monitoring requirements, then deploy the network layouts for the reachable area to cover more targets with
as few nodes as possible. For monitored areas that are difﬁcult to reach or whose terrain is not ideal,
heuristic optimization algorithm [18,19], virtual force, voronoi diagram [20], and related improved methods
are used to optimize the physical location. Physical network layout is also associated with other network
performance improvements. Based on the ﬁxed communication radius, Nguyen et al. [21] combined the
current network energy and data fusion requirements to determine WSN layout. Adasme [22] assumed that
each node belongs to a connected subset, and utilized the subtree generation method to wake up different
connected nodes at different times, which achieved partial space coverage. Wang et al. [23] dynamically
controlled the logical layout by predicting link quality, thus improving the energy utilization. Also based on
the ﬁxed node physical location, ant colony optimization algorithm was applied to get the energy-saving
network layout with expected energy level and path length [24], which prolongs the network lifetime.
Kannagi [25–27] respectively utilized the minimum distance tree, game theory and clustering methods to
set up network logic topology with low energy consumption, long lifetime, and high reliability.
By planning sensor locations, the network sensing area could be increased to realize effective monitoring
for a given area. On this basis, the network logic layout method relies on information such as node energy to
optimize the network communication topology to extend its energy consumption and lifetime. However, the
signal path loss will bring down the communication quality between different nodes, thus affecting
the network logic layout. If a network logic layout is optimized only at a ﬁxed physical location, the
improvement effect is limited [28]. In this paper, the signal attenuation characteristics and logical network
layout are considered to determine the network physical layout, and the network performance is optimized
by improving the network utilization on the basis of meeting the given coverage.
3 Analysis of Signal Loss Model in the Greenhouse
The basic elements of WSN monitoring are network connectivity and coverage. But affected by
vegetables etc., signal transmission in the greenhouse shows irregular attenuation characteristics. The
WSN node layout in the greenhouse is not suitable to use the brown connected model. This paper studies
a signal loss model involving vegetables, and on this basis explores a connected network layout with low
path loss and balanced energy consumption.
3.1 Large-scale Path Loss Models
Scattering, diffraction, and reﬂection usually occur in signal transmission, which limits the
communication range of networks. The large-scale path loss model can be used to predict signal loss.
Common large-scale models include the FSPL model, two-ray model, and log-distance model. The FPSL
model assumes that the signal is transmitted in free space without any obstacles around.
PFSPL ¼ 27:56 þ 20 logðdÞ þ 20 logðf Þ

(1)

where d is the TX-RX distance and f is the operating frequency.
The two-ray model is for near-earth line-of-sight signal transmission. The path loss expression is
obtained by considering the inﬂuence of the direct signal and ground reﬂection signal:
PTworay ¼ 40 logðdÞ  20 logðht Þ  20 logðhr Þ

(2)

where ht is transmitter height and hr is receiver height.
In fact, due to obstacles, terrain changes, and other factors, the same Tx-Rx distance may result in
different path loss. The log-distance model is proposed:
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d
PdB ðdÞ ¼ Pðd0 Þ þ 10g log 10 ð Þ
d0

(3)

where, P(d0) is the path loss at the reference distance d0, and g is the attenuation index related to the
transmission environment. The log-distance loss model is commonly used in path prediction because it
considers the signal attenuation caused by obstacles, multi-path, and so on. However, for the vegetation
scattering and absorption, not only the greenhouse has large scale path loss, but also the signal
attenuation caused by small-scale path loss cannot be ignored.
3.2 Small-scale Path Loss Caused by Vegetables
The empirical vegetation models characterized by simple expressions and wide application range, which
are often used to predict small-scale path loss in the greenhouse. Weissberger [13] ﬁrst proposed a modiﬁed
exponential decay model:

0:45  f 0:284  dv
0m  d , 14m
(4)
PWeriss ½dB ¼
0:284
0:588
 dv
14m , d  400m
1:33  f
where dv represents the vegetation depth in meters, and f is the operating frequency in Ghz. The applicable
frequency range of this model is 230MHz  f  95GHz. Based on the UHF operating frequency, ITU-R
model is proposed and veriﬁed [14]:
PITU R ½dB ¼ 0:2  f 0:3  dv0:6

(5)

where, 200MHz  f  95GHz. Through the path loss experiment in a small forest, the Cost 235 model is
proposed as follows [14]:

15:6  f 0:3  d 0:6 in leaf
(6)
PCOST235 ½dB ¼
out of leaf
26:6  d 0:5
The above empirical models do not include the physical wireless signal characteristics, and the given
model parameters always lead to excessive attenuation for the predicted signal loss in other vegetation
scenarios. To solve the problem of poor environmental adaptability of the above model, Rutherford
Appleton laboratory developed a Non-Zero Gradient Model (NZG, a semi-empirical model) model [29]:
PNZG ½dB ¼ R/ dv þ kð1  expð

ðR0  R/ Þdv
ÞÞ
k

(7)

R0 and R/ are the initial and ﬁnal attenuation values respectively, and k is the ﬁnal attenuation offset. R0 ,
R/ and k are usually determined by ﬁtting measured empirical data. Therefore, the NZG model is called a
semi-empirical model, which not only includes the physical characteristics of the wireless signal, but also
adapts to the actual environment, and has a better prediction effect.
The total signal loss in the greenhouse is composed of the path loss caused by free space and the extra
loss caused by vegetables. It can be expressed as:
PLðf ; dÞ½dB ¼ Pspace ðf ; dÞ½dB þ Pveg ðf ; dÞ½dB

(8)

By studying the signal transmission loss model in vegetable greenhouse, we can get the communication
quality between different nodes, which provides the basis for the physical layout and logical topology
optimization of greenhouse WSN.
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4 Network Layout Optimization Based on the Signal Loss in the Greenhouse
The above path loss models reﬂect that the communication quality of wireless nodes is affected by
protected vegetables. When the received signal strength attenuates too much, the packet loss rate can reach
100%, causing connectivity failure. We divide the greenhouse WSN design into the following problems:
(1) Network connectivity: the communication range is usually considered as a circle with ﬁxed radius. In
the above signal attenuation studies, we found that the sensor’s transmission range is not uniform due to the
scattering and absorption of plants as shown in Fig. 1. If the signal strength is lower than the threshold, it
cannot be received correctly. In other words, when the power loss is lower than the threshold Prth, it is
judged that two nodes can communicate:

Figure 1: The communication range of a sensor node in the greenhouse
Prth ¼ 10 lg

t
Pth
dB ¼ 10 lg PLth ðf ; dÞdB
Pr

(9)

Set node vi to carry out signal transmission at maximum transmitted power pMax. If the path loss is less
than Prth, the node is considered to be a neighbor node of vi. There is a communication link between any two
nodes in a network, and the network is connected.
(2) Network coverage: network connectivity ensures that data transmission is feasible, but the coverage
range of each wireless sensor node is limited. It is necessary to make all nodes provide enough area coverage.
Let the node sensing radius be R, when the distance d between a target and a node is less than R, the coverage
probability is 1, otherwise, it is 0. The target area is uniformly dispersed into multiple pixel points. The
probability that a pixel pixk is covered by sensor set V is:
Y
½1  pðvi ; pixk Þ
(10)
pðV ; pixk Þ ¼ 1 
vi 2V

The total covered area is Carea ¼

P
pixk 2l1 l2

pðV ; pixÞ.

(3) Forwarding times: wireless sensors have limited energy and are difﬁcult to charge. If a node
undertakes too many forwarding tasks, it will lead to unbalanced network energy consumption and poor
robustness. In most studies, the network energy consumption is balanced by limiting the number of nodes
that connect to node vi. However, compared with the node-degree constraint, the more times a node is
used as a forwarding node, the more energy needs to be consumed, which could better reﬂect the balance
of energy consumption:
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P
vi ¼

vr 6¼vt 6¼vi

where,

rvr vt ðvi Þ

(11)
rpath
P
rvr vt ðvi Þ represents the number that the node vi acts as a forwarding node in the shortest

vr 6¼vt 6¼vi

transmission path, and rpath represents the total communication link number in the network. This index
can better reﬂect the energy consumption pressure.
The network optimization problem in this paper can be expressed as a simple weighted undirected
connected graph G(V,E,W). Vertex V ¼ fv1 ; v2 ; . . . ; vN g represents a set composed of selected nodes. E
represents the edges between nodes communicating with each other, and W ¼ ðwij ÞN N represents the edge
weight matrix. In this paper, the edge weight is obtained by calculating the path loss according to Eq. (8).
min F ¼ a

N X
N
X

ðwij eij ÞbCarea

i¼1 j¼1

8
>
< vi  th ; 8i 2 V ; V 2 S
s:t: pathij ¼ 1; 8i; j 2 V ; V 2 S
>
:
eij 2 f0; 1g; i; j 2 V ; V 2 S

(12)

When the path loss between nodes vi and vj is less than threshold Prth, it is deﬁned wij ¼ 1. The
objective function that simultaneously optimizes network coverage and path loss is as Eq. (12). S
represents the candidate sensor location set. V is the current location selected. a, b are the weight
coefﬁcient and th represents the constraint on the number of forwarding. pathij ¼ 1 guaranteed that the
communication probability between any two nodes vi, vj is 1. In addition, when the WSN logical
topology contains the communication link between nodes vi and vj, eij = 1.
Then, this paper combines the tabu search algorithm and improved logical layout algorithm to solve
Eq. (12). Tabu search algorithm is a heuristic algorithm simulating the human thinking process. It searches
for the global solution by marking and avoiding local optimal solutions. First, the tabu search algorithm is
used to select a given number of nodes from candidate locations to improve current network coverage. And
the improved logical layout algorithm obtains network communication topology depending on the selected
nodes under the forwarding constraint. Determine whether the local optimal objective function value is less
than the global optimal solution, and update the physical layout and logical layout.
Traditional researches usually balance the network burden with the node-degree constraint. However,
this paper studies a forwarding constraint. First, calculate the path loss between each node and other
nodes depending on the maximum transmit power, and get the neighbor nodes of each node. Based on
the adjacency matrix, the shortest path generation algorithm is used to obtain an initially logical network
layout with the minimum path loss. Calculate the number of forwards for each forwarding node in the
generated logical layout. If it is greater than the threshold, delete the direct link with the maximum path
loss between this node and another node whose degree is not 1. The network logical layout is then
regenerated until the forward constraint is met with minimal path loss.
Algorithm: The tabu search algorithm combined with layout optimization
1: Input: The required sensor number, candidate sensor locations, and sensing radius.
2: Output: Network physical layout and logical layout
3: Randomly initialize Vnow, and Tabu list Table¼[
4: while iter < T do // T is the number of iterations
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Algorithm (continued ).

5: Construct the neighborhood of Vnow.
7: Get the candidate set Ne(now).
// Based on the Ne(now), the average path loss between selected sensors are obtained.
8:

for c=1; c ≤ | Ne |; c++ do //| Ne | represents the number of candidate set

9:

Calculate the adjacency matrix A(c) and the network topology Nt of Ne(c). // A(c)
includes path loss between each node and other nodes.

10:

Calculate the number of forwards L(ci) per node in Ne(c) and He=A(c)

11:

while 9Lðci Þ > Lth and ConnectðHeÞ do // There is a node vi whose path
times is greater than the threshold and the current network is connected.

12:

Calculate the network topology Nt

13:

Eedelate=max(Eij) (Eij 2 Nt and DegreeðjÞ 6¼ 1)// Select a direct path of node vi in the
topology, which has the largest loss, and the degree of another node is not 1.

14:

Delete Eedelate from He and Calculate ConnectðHeÞ

15:

end while

16:

Calculate the objective function value H(c) of the current solution according to the
Eq. (12) and Nt

17:

update Hnow and Tabu list

18:

c=c+1;

19:

end for

17:

iter=iter+1

19: end while
20: Return the network physical and logical layout

5 Experiment and Analysis
5.1 Experimental Setup
The path loss experiment was conducted in No. 7 cucumber greenhouse, xiaotangshan national precision
agriculture base, Beijing, China. The time was the cucumber fruit period with the most serious path loss. This
greenhouse’s area is about 30  7m2 . In the greenhouse, each row was 0.5 m wide, with 15 plants, and the
plant spacing was 0.3 m. The average cucumber height is about 1.7 m.
Both the transmitter nodes and receiver nodes use CC2530 wireless sensors which operate in 2.4 G
frequency band. The node parameters are shown in Tab. 1.
(1) Node location: as shown in Fig. 2, place wireless nodes evenly in the greenhouse ﬁrst packet trench, and
use two packet trenches as a unit to make the transmitter nod es and receiver nodes at the same horizontal height.
(2) Node height: affected by plant growth, path loss in the greenhouses not only changes with location
but also has certain differences at different heights. Therefore, we tested path loss at four heights according to
the plant height with the same location, which are 0.5 m, 1 m, 1.5 m, and 2 m respectively. The channel
quality at different heights is then obtained.
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Table 1: The node parameters
Name

Parameters

Operating Frequency
Channel number
Transmit speed
Transmit power
Receiver sensitivity
Antenna type

2.4 GHz
16
250 kps
0 dB
–101 dBm
Omni-directional

Figure 2: The schematic diagram of the experiment scheme
5.2 Results and Discussion
5.2.1 Path Loss in the Greenhouse
Fig. 3 shows the path loss data in different greenhouse locations. It can be seen that with the distance
increase, RSSI (Received Signal Strength Indication) decreases gradually, but the decrease amplitude
reduces with the distance increase. It will eventually decay to the receiver sensitivity. At different heights,
the plant density is different, and the depth of the plant that the signal needs to cross is different.
Therefore, RSSI varies with sensor heights. In Fig. 3, when the sensor height is 1 m and 0.5 m, the signal
attenuation is severe due to the inﬂuence of plant occlusion and absorption. In this paper, the cucumber
canopy is about 1.7 m, and it can be deduced that the fruits, stems and leaves are relatively mature at 1 m
and 0.5 m. The signal loss increases with the increase of plant volume and density.
Taking 1.5 m height as an example, we use the existing vegetation model in Section 3.2 to predict path
loss between different Tx-Rx distance. Figs. 4 and 5 shows predicted data and measured data. Compared with
the combination of the FSPL model and vegetation models, the prediction errors for the combination of the
two-ray model and vegetation models are larger, and the predicted data are generally smaller. Because the
two-ray model only considers the main line-of-sight propagation and ground reﬂection rays of the signal,
and there are walls, plastic ceiling, and other structures in the greenhouse, which leads to the signal
multi-path propagation.
Tabs. 2 and 3 shows the relative error loss REabs between the predicted data and measured data, which
conforms to the trend in Figs. 4 and 5. The combination of the FSPL model and COST235 model can be close
to the measured data, and the average relative error loss is only 3.2%, while the average error loss of the tworay model combined with COST_235 model is 35.8%. We know that FSPL model can better predict the other
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factor (except vegetables) inﬂuence on the path loss.


ypredict  y
  100%

REabs ¼ 

y

(13)

where, y is the measured value, and yprecdict is the predicted value.

Figure 3: Measured data with different node heights

Figure 4: Measured empirical data at 1.5 m height vs empirical models combined with large-scale path loss
models (a) Experimental data with antenna height at 1.5 m vs. FSPL model + empirical vegetation models (b)
Experimental data with antenna height at 1.5 m vs. Two-ray model + empirical vegetation models
Although the combination of the FSPL model and COST 235 model performs a good prediction, it still
has a signiﬁcant error. From the above, the prediction effect of the FSPL model combined with other
vegetation models is better than that of the two-ray model combined with other models. Therefore, based
on the FSPL model, the least square method is used for ﬁtting model parameters according to Eqs. (7)
and (8). The results are as Tab. 4.
The new regression ﬁtting model can achieve a smaller relative error loss of 2.3%. It accords with the
characteristics of signal transmission and attenuation in the vegetable greenhouse.
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Figure 5: Network layouts formed by different algorithms (a) the topology obtained by our algorithm, (b)
the topology obtained by the algorithm without forwarding constraint, (c) the topology obtained by the
MCHSA algorithm with forwarding constraint
Table 2: The relative error between the data predicted by the FSPL model + empirical models and the measured
data at 1.5 m height
Model

Distance

PFSPL
PFSPL+PWeriess
PFSPL+PITU-R
PFSPL+PCOST235

2

4

6

8

10

12

14

16

18

20

22

24

9.5
83.7
5.4
5.7

13.9
12.0
8.7
1.4

18.8
16.3
13.0
3.8

21.6
18.5
15.2
6.6

21.0
17.2
13.9
5.5

18.1
13.4
10.0
1.6

15.8
10.4
6.9
1.3

16.8
9.3
7.5
0.4

18.1
10.2
8.3
0.8

22.0
14.2
12.3
5.4

19.4
11.0
8.9
2.0

20.7
12.1
9.9
3.4

Table 3: The relative error between the predicted data of the two-ray model + empirical models and the measured
data at 1.5 m height
Model

Distance

PTworay
PTworay+PWeriess
PTworay+PITU-R
PTworay+PCOST235

2

4

6

8

10

12

14

16

18

20

22

24

45.9
89.1
86.1
75.0

43.5
70.0
66.7
56.5

44.4
62.3
59.0
49.8

45.0
57.6
54.4
45.8

43.0
52.8
49.5
41.2

39.1
47.4
43.9
35.6

36.0
42.7
39.2
31.0

36.0
39.2
37.3
29.4

36.3
37.9
36.0
28.5

39.7
39.1
37.2
30.2

36.3
35.4
33.3
26.4

40.1
34.9
32.8
26.2

Table 4: The ﬁtting results of the model in this paper
Model

Distance
2

4

6

8

10

12

14

16

18

20

22

24

Empirical data –50.9 –60.5 –68.5 –74.1 –76 –75.2 –74.8 –77.1 –79.5 –84.7 –83 –85.3
Fitted data
–52.3 –61.8 –67.3 –71.1 –73.9 –76.1 –77.8 –79.4 –80.8 –82.0 –83.2 –84.3
Our model
2.7
2.1
1.7
4.1
2.8
1.1
4.1
3.0
1.6
3.1
0.2
1.2
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Semi-empirical model ﬁtting is carried out for the measured signals at the heights of 0.5 m, 1 m, 1.5 m,
and 2 m, respectively. The regression parameters are shown in Tab. 5. The determination coefﬁcient
determines the correlation between the ﬁtting equation and the measured data. The closer it is to 1, the
higher the reference value of the ﬁtting expression. The determination coefﬁcient shown in Tab. 5
indicates that for sensors at different heights, a stable greenhouse wireless signal path loss model can be
ﬁtted in this paper.
Table 5: Regression parameters of semi-empirical path loss model
Sensor height (m)

R/

R1

k

Determination coefﬁcient

0.5
1
1.5
2

0.37
1.02
0.32
0.71

16.78
27.64
8.20
3.4

15.48
12.04
12.8
7.52

0.8835
0.9639
0.9615
0.9482

5.2.2 Layout Simulation of Greenhouse WSN Based on Path Loss
We simulate 6 sensor nodes with a sensing radius of 3 m in the greenhouse for accurate sensing. By
calculating, the maximum coverage that can be achieved is 0.92. In this section, the signal transmission at
1.5 m is taken as an example to analyze the performance of our optimization algorithm for WSN layout.
According to Section 5.1, the path loss between sensors at 1.5 m height is:
PLoss ¼ 27:56 þ 20 logðdði; jÞÞ þ 20 logðf Þ þ 0:32dv ði; jÞ þ 12:8ð1  expð

ð8:2  0:32Þdv ði; jÞ
ÞÞ
12:8

(14)

When the path loss is greater than 80 dB, the corresponding nodes are considered to be disconnected. In
addition, d is the distance between vi, vj. dv is the vegetable depth that the signal crosses:
qﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃ
d ¼ ðxðvi Þ  xðvj ÞÞ2 þ ðyðvi Þ  yðvj ÞÞ2
8
<  0:5  nveg   d
(15)
if yðvi Þ 6¼ yðvj Þ
dv ¼ yðvi Þ  yðvj Þ
:
0
if yðvi Þ ¼ yðvj Þ
Taking the path loss between nodes as the edge weight in Eq. (12), we utilize the tabu search algorithm
and improved topology method to get the WSN layout at 1.5 m. Fig. 10b shows the physical distribution of
wireless sensor nodes in the greenhouse, and Fig. 9b shows the corresponding logical layout. In order to
verify the studied algorithm performance, this paper ﬁrst compares it with the network topology
algorithm without the forwarding constraint and the maximal coverage hybrid search algorithm
(MCHSA) in Panag et al. [19]. The comparison indexes include average node-degree, average path hops
and so on. For each node’s energy consumption pressure, this paper uses the standard deviation between
the shortest path number experienced by each node and the mean value of the shortest path to measure:
vﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃﬃ
uP
uN
u ðrðiÞ  rÞ
t
(16)
std ¼ i¼1
rpath
As shown in Tab. 6, three algorithms can obtain the greenhouse network layouts with good effective
coverage, same average node-degree and same average hop number. The standard deviation of our
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algorithm is small, indicating that the energy consumption balance is improved, which provides a good
foundation for subsequent network life extension. Fig. 5 shows the optimized network layout of three
algorithms. In Fig. 5b, with node 3 as the forwarding node, the paths with minimum signal loss are:
Node 2 $ Node 3 $ Node 6, Node 5 $ Node 3 $ Node 6, four times in total. In order to reduce
the forwarding times of node 3, this algorithm obtains the asymmetric shortest communication
paths: Node 6 ! Node 3 $ Node 2, Node 6 ! Node 3 $ Node 5, Node 2 ! Node 1 $ Node 6,
Node 5 ! Node 4 $ Node 6, which reduces the energy consumption of node 3. The Fig. 5c shows that
after MCHSA determines the node locations, the network layout obtained by the improved algorithm also
optimizes the node forwarding times. However, since the path loss is not considered in the physical
layout, the path loss and average path energy consumption is worse.
The WSN lifetime is related to many factors such as routing protocol and the MAC protocol. In order to
further verify our algorithm effectiveness, we set a node as the sink node and the other nodes as the common
nodes. Then we test the energy consumption of the three algorithms.
In Figs. 6a and 6b, the residual energy and standard deviation are compared. Our algorithm has the
maximum residual energy and the minimum residual energy standard deviation. The algorithms without
the forwarding constraint has a large standard deviation, although the residual energy trend is similar to
that of our algorithm. MCHSA algorithm has smaller residual energy standard deviation, but less residual
energy. With the increase of rounds, our algorithm has more obvious advantages than the other two
algorithms. Fig. 7 shows the residual energy of each node at the 20th round. The algorithm in this paper
makes the residual energy between nodes more balanced and improves the average residual energy by
consuming more energy of some nodes. Fig. 8 shows the death round of the ﬁrst node in three
algorithms. Compared with the other two algorithms, our algorithm can effectively prolong the node
death time and reduce the energy consumption depending on the forwarding constraint and physical
location optimization.

Figure 6: Network energy comparison of different algorithms
In addition, we verify our algorithm performance when the sensor height is 0.5 m, 1 m, 1.5 m, and 2.0 m
respectively. The physical layout can cover an area as large as possible and forms a connected logical layout
that can communicate between any two nodes. According to Section 5.1, when the height is lower, the signal
path loss is greater due to the higher density of fruits and leaves. In Tab. 7, when the height is 0.5 m and 1 m,
the average node-degree and local path average hops are relatively more. Our algorithm can get a layout
scheme of WSN suitable for the greenhouses according to the actual application demand.
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Figure 7: Residual energy of each node in the 20th round

Figure 8: The death round of the ﬁrst node

Figure 9: Network layout at different sensor heights (a) Wireless network topology in greenhouse with
antenna height of 0.5 m (b) Wireless network topology in greenhouse with antenna height of 1.0 m (c)
Wireless network topology in greenhouse with antenna height of 1.5 m (d) Wireless network topology in
greenhouse with antenna height of 2.0 m
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Figure 10: Network physical layout in the greenhouse at different sensor heights (a) Wireless network
layout in greenhouse with antenna height of 0.5 m (b) Wireless network layout in greenhouse with
antenna height of 1.0 m (c) Wireless network layout in greenhouse with antenna height of 1.5 m (d)
Wireless network layout in greenhouse with antenna height of 2.0 m
Table 6: Performance comparison between our algorithm and other algorithms
local average local average Standard Effective
node-degrees path hops
deviation coverage
Our algorithm
4
Without forwarding constraints 4
MCHSA
4

6
6
1.2

0.8165
1.5275
1

0.9
0.9
0.89

Table 7: Network logical layout performance at different sensor heights
Sensor
height

local average
node-degrees

local average
path hops

Effective
coverage

0.5
1
1.5
2

3
3
4
4

1.5
1.5
1.2
1.2

0.9
0.88
0.9
0.89
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6 Conclusion
In order to promote the practical application of WSN, this study discusses the extra signal loss caused by
vegetables in the greenhouse. The path loss under different Tx-Rx distances is measured, and it is found that
there is a relative error between the measured path loss and data predicted by vegetation models. A semiempirical model established in this paper can more express the signal path loss in the greenhouse
accurately. Based on this model, we improved the greenhouse WSN layout, which includes the physical
and logical layout. Compared with the existing network layout algorithm, this paper replaces the nodedegree constraint with the forwarding constraint and realizes the better greenhouse WSN construction by
combining the tabu search algorithm and improved topology method.
Our further work mainly includes applying the research to practical application and measuring actual
energy consumption about the optimized greenhouse WSN. In addition, considering the monitoring
needs, different receivers and transmitters may have different height requirements, so we plan to develop
research on the signal path loss characteristics and layout optimization in a three-dimensional environment.
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