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ABSTRACT
Bacterial leaf blight (BLB) caused by Xanthomonas oryzae pv. oryzae (Xoo) is one of the most damaging diseases
to rice across the world. Various chemicals have been employed so far for the management of bacterial leaf blight.
On the other hand, these compounds are damaging to the ecosystem and have an impact on non-target species
such as humans and animals. As a result, there is a need to create a new natural inhibitor for BLB management.
Deformylase (PDF) enzyme is present in all eubacteria and its necessity in bacterial protein synthesis reveals it as
an attractive target for drug development. In this study, the active components of Nigella sativa have been selected
based on their previously reported antimicrobial activity and screened on the active site of bacterial PDF by the in
silico art of techniques. Among these compounds, dithymoquinone and p-cymene strongly bind with the PDF
enzyme with binding energy values of 7.77 kcal/mol and 7.26 kcal/mol, respectively, which is comparatively higher than the control compound (−6.73 kcal/mol). Hence, the “dithymoquinone-PDF” and “p-cymene-PDF” complexes were selected for further study, and their stability was assessed by molecular dynamic (MD) simulation. In
MD simulation, both selected compounds exhibited steady-state interaction with PDF for 20 ns. It has been
hypothesized that p-cymene and dithymoquinone inhibit peptide deformylase and could be used as antibacterials
or pesticides against Xoo against the BLB disease.
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1 Introduction
With the population increase, catering of food needs and satisfying hunger are fast emerging as the
biggest challenge worldwide, especially in the backdrop of the scarcity of cultivable and fertile lands.
Compounding the problem further is the loss of huge amounts of crops due to diseases caused by various
microorganisms. Rice bacterial leaf blight (BLB) is caused by Xanthomonas oryzae pv. oryzae (Xoo). It is
characterized by the presence of a white yellow rust in the crop along the veins, leaf margins, and leaf
blades, which can also spread to the sheath and cause a decline in total dry weight, and is responsible for
a 50% annual crop yield loss [1].
For bacteria to survive, the removal of the N-formyl moiety from the N-terminal methionine results in
the formation of a mature protein. This step is catalyzed by the peptide deformylase (PDF) enzyme encoded
by the def gene and is present in all bacterial pathogens [2]. PDF blockade inhibits protein synthesis (similar
to the mechanism of action of antimicrobial agents like tetracyclines) [3].
Studies have documented that blocking PDF enzymes hinders bacterial survival and growth [4–6].
Therefore, the BLB disease of rice can be controlled by inhibiting the PDF. Various chemicals like 30%
chlorine-containing bleaching powder have been employed for the management of BLB [7]. However,
long-term use of these chemicals has deleterious and adverse effects not only on the environment but also
on humans and animals, thereby warranting their cautious use [8]. Thus, keeping in view environmental
safety and avoiding harm to humans and animals, the current need is to develop and research new and
preferentially natural inhibitors in the management of BLB.
The primary active ingredients of Nigella sativa include carvacrol, thymoquinone, thymol, limonene, pcymene, carvone, trans-anethole, thujene, pinene, thymohydroquinone, longifoline, dithymoquinone, and
pinene [9,10]. N. sativa and its components have been thoroughly investigated for their pharmacological
potential, including antibacterial ability against a variety of bacterial infections [11–14]. However, the
potential of these compounds to inhibit the PDF enzyme has yet to be investigated. In the present study,
we screened the N. Sativa active components for their potential interaction against the PDF enzyme by
the molecular docking and molecular dynamic simulations. This study may help in the possible design of
pharmacological compounds against the PDF to overcome the BLB of crops and also contribute in the
novel antibacterial/pesticides development.
2 Methodology
2.1 Structures of Ligands and Proteins are Retrieved
3D structures of N. sativa active components, including the reference compound actinonin, were
obtained from the PubChem database. However, the 3-D structure of PDF from Xoo was retrieved from
the Protein Data Bank (PDB ID: 5CY8).
2.2 Molecular Docking Interaction Study
The molecular interaction of compounds on the binding site of PDF was performed by ‘Autodock4.2’
individually [15]. The energy of each compound was minimized by applying the MMFF94 force ﬁeld.
AutoDock tools were used to add the hydrogen atoms, solvation constraints, and Kollman charges. Grid
points were kept at 404040 with 0.375 spacing. However, the co-ordinates were set as 7.589 (x),
−15.291 (y), and −2.049 (z), respectively. The Solis and Wets local search and LGA (Lamarckian genetic
algorithm) approaches were used for docking each of the compounds with DPF. A hundred different runs
were used for each docking, with an end limit of 2,500,000 energy calculations. For further analysis, the
compounds having lower binding energy (BE) relative to actinonin (the reference molecule) were
selected. Molecular interactions (hydrophobic interactions and hydrogen bonds) between the compounds
and PDF complexes were analyzed by LIGPLOT + Version v.1.4.5 [16].
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2.3 Molecular Dynamic (MD) Simulation Study
On the GROMACS 5.1.5 platform [17], MD simulations were run on a native protein structure (PDB ID:
5CY8) in innate and docked complex form with ligand structure, using the CHARMM27 all atom force ﬁeld
[18]. The ligand topology ﬁles were created using the CHARMM all atoms force ﬁeld [19] via the
SwissParam service (http://www.swissparam.ch/). The system was simulated in a triclinic box with
protein atoms separated by 1.0 to 1.5 nm from the box wall dimensions while preserving periodic
boundary conditions [20]. The system was equilibrated by placing position restraints on the complex and
running simulations using conventional NVT and NPT ensembles [21].
3 Result and Discussion
BLB caused by Xoo is one of the most detrimental diseases to crops globally. More than 30 compounds,
including antibacterial agents, have been employed to manage the BLB of crops to protect them from these
pathogens. Among them, some antibiotics have broad-spectrum activity and hinder the growth of bacteria
(Xoo) [22], and have exhibited variable efﬁcacy against Xoo. Hence, to ﬁnd possible antibacterial agents
against Xoo, the active components of N. sativa have been selected based on their antibacterial properties.
The choice of PDF was based on the fact that it is found in all eubacteria and is required for protein
synthesis, making it a suitable target for therapeutic development [4,23,24]. In this study, dithymoquinone
and p-cymene strongly interact with the PDF enzyme more strongly than the other compounds. P-cymene
interacted with PDF through 10 amino acid residues, namely, G44, V45, G46, R68, Y69, G98, C99, L100,
G104, and L105, while R68, Y69, W96, E97, G98, G104, L105, R106, and D164 residues of PDF
interacted with dithymoquinone (Figs. 1 and 2). The binding energy (BE) of p-cymene and dithymoquinone
with PDF was found to be 7.77 kcal/mol and 7.26 kcal/mol, respectively (Table 1). The active site residues
of PDF have been predicted as G44, V45, G46, Q51, R68, Y69, W96, E97, G98, C99, L100, I102, P103,
G104, L105, R106, F134, R137, V138, H141, E142, H145, and D164. Consistent with this, in the present
study, these residues of PDF were also found to interact with p-cymene and dithymoquinone.

Figure 1: Interaction of p-cymene (stick representation) with peptide deformylase
The amino acid residues E42, G44, V45, Q51, R68, Y69, E97, G98, C99, L100, G104, L105, R106, F134,
R137, V138, H141, H145, and D164 of PDF interacted with the control compound actinonin (Fig. 3). R68,
Y69, G98, G104, and L105 were the common interacting residues of PDF with p-cymene, dithymoquinone,
and actinonin (Figs. 1–3). The BE of actinonin with PDF was found as −6.12 kcal/mol (Table 1).
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Figure 2: Interaction of dithymoquinone (stick representation) with peptide deformylase
Table 1: Binding energy of compounds with peptide deformylase
Compounds

Target protein

α-pinene
Peptide deformylase
α-thujene
β-pinene
trans-anethole
p-cymene
Carvacrol
Carvone
Dithymoquinone
Limonene
Longifoline
Thymohydroquinone
Thymol
Thymoquinone
Actinonin*

Binding energy (kcal/mol)
−4.66
−4.03
−4.67
−4.07
−7.77
−4.85
−3.10
−7.26
−3.96
−3.60
−4.89
−4.06
−4.57
−6.12

Note: *Control compound for PDF.

The hydrophobic interaction assists in explaining the potency of the inhibitor to the target protein and
has a vital role in the stability of the inhibitor-protein complex. In this study, LigPlot analysis showed that
R68 and G98 were the common hydrophobic interacting residues of PDF with p-cymene, dithymoquinone,
and actinonin (Figs. 4a–4c). Interestingly, in a study, these residues of PDF have also been reported to form
hydrophobic interactions with the inhibitors [24–26].
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Figure 3: Interaction of actinonin (stick representation) with peptide deformylase
Recently, a computational approach has been described to develop a potential PDF inhibitor to combat
drug-resistant bacterial pathogens [27]. Computational docking is a useful tool which is employed in the drug
discovery process to ﬁnd out the binding potency of inhibitors to their target proteins [28,29], and a high
(negative) BE measures the strength of binding between inhibitor-enzyme complexes [30,31]. According
to the BE, dithymoquinone and p-cymene bind to PDF more strongly than the other compounds and
signiﬁcantly better than the reference compound 56 V, indicating that these compounds might be used as
antibacterials or pesticides against the Xoo.
In addition to molecular docking, MD simulation experiments were conducted in addition to molecular
docking to explain the dynamic behavior of the “dithymoquinone-PDF” and “p-cymene-PDF” complexes
over time in a solvated environment. The root mean square deviation (RMSD), radius of gyration (Rg),
solvent accessible surface area (SASA), number of hydrogen bonds, and root mean square ﬂuctuation
(RMSF) maintained throughout the simulation time, as well as the variance of the secondary structure
pattern between the protein and its complexes, are all examined in the simulation study. Three
simulations were run independently using the native protein alone and in complex with ligands for a total
of 20 ns (dithymoquinone and p-cymene). The primary reason for running MD simulations is to better
understand the binding afﬁnities and time-bound stability of ligands to proteins bound complexes. It was
evident from the RMSD plot (Figs. 5a and 6a) that the ‘dithymoquinone-PDF’ and ‘p-cymene-P DF’
complexes reached equilibrium approximately at 4.5 to 5.0 ns time and the remaining were shown to
have a stable trajectory with minimal deviation in the 0.10 to 0.15 nm RMSD range, representing
structural ﬂexibility of protein is being reserved while in complex with ligands rather than in free form.
Throughout the simulation run the unbound protein shows stable trajectories, whereas, ligand bound
proteins reached equilibrium only after initial ﬂuctuations. Rg considers the varied masses calculated to
root mean square distances considering the central axis of rotation. The Rg ﬁgure (Figs. 5b and 6b)
examines the capability, shape, and folding of the whole trajectory during the simulation at each time
step. The Rg values of all protein entries and their related ligand complexes are comparable, ranging from
0.20 to 0.25 nm. The region surrounding the hydrophobic core produced between protein-ligand
complexes is measured by SASA (Figs. 5c and 6d). SASA values were found to be consistent, ranging
between 10 and 20 nm2 areas. The H-bonds that occur during the molecular docking research are
examined during the course of the simulation. All intermolecular H-bonds between ligands and proteins
were only taken into account during the analysis and shown appropriately (Fig. 6c); no hydrogen bonding
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between p-cymene and PDF protein was identiﬁed, hence none was traced throughout the simulation run.
The plot shows that the number of H-bonds formed throughout the simulation runs is consistent with the
molecular docking research, and that only a few bonds were broken and repaired at the same time. The
RMSF ﬁgure (Figs. 5d and 6e) shows residue-by-residue changes, with essential interacting amino acids
rigidiﬁed in the complex form as compared to the innate state of protein.

Figure 4: (a) Ligplot analysis showing the hydrogen and hydrophobic interacting residues of peptide
deformylase with p-cymene. (b) Ligplot analysis showing the hydrogen and hydrophobic interacting
residues of peptide deformylase with dithymoquinone. (c) Ligplot analysis showing the hydrogen and
hydrophobic interacting residues of peptide deformylase with actinonin
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Figure 5: (a) RMSD plot of PDF backbone without p-cymene complex variation throughout a 20-ns period.
(b) Rg of the PDF backbone in its free and p-cymene complex states during the course of the simulation,
where nm = nanometer and ps = picosecond. (c) SASA is deﬁned, with SASA (nm) as the ordinate and
time as the abscissa (ns). (d) Average RMSF plot of PDF and p-cymene by residue

Figure 6: (a) Over a 20-ns period, the RMSD plot of the PDF backbone alone and with dithymoquinone
complex deviation. (b) Rg of the PDF backbone in its free and dithymoquinone complex states during the
course of the simulation, where nm = nanometer and ps = picosecond. (c) Over the simulation duration,
hydrogen bonds form between PDF and dithymoquinone. (d) SASA is deﬁned, with SASA (nm) as the
ordinate and time as the abscissa (ns). (e) Average RMSF plot of PDF and dithymoquinone by residue
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4 Conclusion
In summary, probably to the best of our knowledge, this is the ﬁrst time that the bioactive constituents of
N. sativa have been screened against the PDF enzyme. Dithymoquinone and p-cymene were found to bind
strongly with PDF in comparison to other studied compounds as well as the reference compound (actinonin).
The MD simulation studies revealed that dithymoquinone and p-cymene have steady-state interactions with
the PDF. It is proposed that p-cymene and dithymoquinone could inhibit the PDF and thus could be utilized
as potential antibacterial or pesticide agents against Xoo to overcome the BLB disease of the crops.
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